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1. Do discrete latent spaces offer benefits over continuous ones?

2. How does the choice of discrete encoding (e.g., one-hot, label, or codebook
encodings) affect performance?

3. Are there advantages to modelling the latent dynamics stochastically rather than
deterministically?
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Results: Overview
Strong Performance in DMControl, MetaWorld and MyoSuite Tasks
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Why Does DC-MPC Work So Well?

Combination of Discrete Codebook and Stochastic Dynamics

Replaced cross-entropy with MSE loss
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Made latent space continuous (deterministic)
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Comparison of Different Discrete Encodings
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Discrete Codebooks Improve TD-MPC2

Combination of Discrete Codebook and Stochastic Dynamics
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