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H−1

∑
h=0

γhRξ( ̂ch, ah)

𝔼[ ̂ch+1] =
|𝒞|

∑
i=0

Pr( ̂ch+1 = c(i) ∣ ̂ch, ah)

prob. of code i

c(i)
⏟

code

Reward func.Bootstrap with 
action-value

𝔼[ ̂c1]



Results: Overview
Strong Performance in DMControl, MetaWorld and MyoSuite Tasks
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Discrete Codebooks Improve TD-MPC2
Combination of Discrete Codebook and Stochastic Dynamics
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